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Abstract

This study aims to investigate the impact of conversational search on users’ information-seeking

NEF|I M 5. ARG TR REHE S 200N A 5 B FAT N S D). A S BHEHT, 2024, 13(7):
591-598. DOI: 10.12677/ass.2024.137635


https://www.hanspub.org/journal/ass
https://doi.org/10.12677/ass.2024.137635
https://doi.org/10.12677/ass.2024.137635
https://www.hanspub.org/

=

BN

TR

behavior patterns in the context of generative artificial intelligence. Through literature review
and theoretical research, key concepts and findings are extracted to elucidate the development
trends of conversational search in technological applications and product practices, and to ex-
pound its influence on traditional modes. The study reveals that conversational search reshapes
users’ patterns of information-seeking, human-computer interaction methods, and language ex-
pression modes. It satisfies personalized needs by generating answers and reshapes the informa-
tion process from passive reception to active customization. Conversational search is validated as
an important information-seeking mode and has become a new direction for future information
search. It will lead the information service industry towards user-centric and knowledge-based
services. Information organizations need to prioritize Al applications and keep up with technolo-
gical transformations to meet the challenges.
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Figure 1. “One-to-many” information interaction model
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Figure 2. “One-to-one-to-many” information interaction model
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