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Abstract

The accurate prediction of the second-hand house price is of great significance to the buyers and
the government’s regulation of the real estate policy. This paper takes the prices of second-hand
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houses that were traded between 2015 and 2020 in the nine major urban areas of Chongqing as
reference, organically combines the micro and macro factors that affect the housing prices, and
uses Python and random forest algorithm to conduct training modeling on the second-hand house
data set. Finally, ridge regression and Lasso regression are combined to compare the training re-
sults. The experimental results show that the error of random forest model is the smallest, the ap-
plication effect is better, and it is worth popularizing and applying to the real estate price evalua-
tion.
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Figure 1. Curve: Distribution of raw data
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Figure 2. Curve: Data distribution after conversion
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Table 1. Prediction results of random forest for test sets

& 1 FEHLARMR TR SR FUNLE R

e SEBREEAMN AR GTPETTK) B % (TR T K) NS 2K iR 22
1 13,691.778276 13,693.030860 0.999909 1.252584
2 11,602.208059 11,584.158416 1.001558 18.049643
3 16,346.193633 16,390.281527 0.997310 44.087894
4 18,376.614015 18,348.623853 1.001525 27.990162
5 10,127.140774 10,135.135135 0.999211 7.994361
6 8589.388164 8603.104213 0.998406 13.716048
7 12,306.071281 12,291.666667 1.001172 14.404615
8 11,376.689881 11,372.549020 1.000364 4.140862
9 8008.016621 7936.507937 1.009010 71.508684
10 9774.693376 9805.903761 0.996817 31.210385
11 10,208.107475 10,203.090079 1.000492 5.017397
12 5132.411203 5173.865961 0.991988 41.454758
13 18,377.892153 18,419.556566 0.997738 41.664414
14 16,432.492217 16,437.355412 0.999704 4863195
15 12,817.450620 12,813.852814 1.000281 3.597806
17 14,924.811060 14,917.127072 1.000515 7.683988
18 13,545.043557 13,542.688911 1.000174 2.354647
19 18,054.235728 18,040.435459 1.000765 13.800269
20 13,586.196783 13,584.905660 1.000095 1.291123
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Table 2. Test set and training set score comparison
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5. 45RiE

ARSC UL R T LR X T G50 SO g S Atk A8 FI U (51 | Lasso [R1) 5] U= e SRR RTBE HLAR K,
ZSEIGUEI, BEALARAR BN FVE/E MRS - EUF ) RMSE /b, ROBOK, U SE BUEVE MR TR G 1 ]
VAR TR BAT S IR, T T B A S T K BE A LARAR [T YR 7R mT LA™ 82 P 80 At £ S8 4 A% 900
&k, BEINEMHIEA —E TR TR

S E 3k

[11  ®fwew. TP IR M IR 5T [D]: (A2 Ar 1830, 4RFH: PO rIRHORAE, 2020.

[21 Z=F8i ST RENLARAR A AN TSR], @i 5, 2018(9): 306-308.

[3] WRZEAE. HETRENLARMRIE IR AL T = F s M AL 72 [D]: [t 20018 3], dbat: JbRisgid K2, 2015.
[4] 3KFML, Fh4. BT XGBoost 5% Fblas 2% > J7 i 0 5 M AT AL ). IS R, 2020, 4(10): 15-18.
[5] kAl SETBEALARAR R RBER K3 s AL A TS RY (R iFF 72 [D]: [ 24071830, Kdf: ARALIFTE K2, 2019.

[6] BF3CHr. 2T Lasso SEHHIZHE A ALE ZF E M I ZE 1 [D]: [+ A0 0] bt dba Tk
2%, 2017.

DOI: 10.12677/aam.2021.108298 2867 IR Esid


https://doi.org/10.12677/aam.2021.108298

	基于随机森林模型的重庆市二手房价格预测研究
	摘  要
	关键词
	Research on Price Prediction of Second-Hand Housing in Chongqing Based on Random Forest Model
	Abstract
	Keywords
	1. 引言
	2. 数据分析及预处理
	2.1. 数据集分析
	2.2. 数据预处理
	2.2.1. 数据清洗
	2.2.2. 离散变量重编码
	2.2.3. 特征归一化
	2.2.4. 对非正态数据进行正态化


	3. 随机森林模型
	3.1. 相关参数的设置
	3.2. 模型评估

	4. 不同算法实例比较
	5. 结束语
	参考文献

