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Abstract

As a common disease in department of orthopedics, osteosarcoma is a malignant tumor with high
malignancy and poor prognosis. Because the disease often occurs in young people and is very
harmful, therefore, early detection, early diagnosis and early treatment are key to the treatment
of osteosarcoma. In this paper, local classifier based the nearest neighbor is introduced into the
classification of osteosarcoma data, which greatly improves the classification of the automatic and
effect. However when dealing with the sparse, noisy and imbalance data, it cannot guarantee to
obtain good performance. Based on the relative cognitive law, this paper proposes a feasible
strategy called relative local mean center classifier by using the relative transformation to local
mean center classifier. The relative space is constructed which may be more line with people’s in-
tuition. It should be indicated that relative transformation can improve the distinguishing ability
among data points and diminish the impact of noise on classification. The experimental result
shows that relative local mean center classifier has a very good classification effect, and can effec-
tively assist clinicians.
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FRBVE G AAAE REME, MR, X o0 B 73 K28 MR RE . A SCIRBEIA
SIFRIAFDO P Rt B T AR AR 46 1) R B M 70 S AR, TS R 0o A g B0 110 i s = 1) A% #68e 38 A 0
2[R, FEAE B2 (] R R AR SRR A AT B S, i $ e T s 2 (R R X A, [RIR AR
— B AT AR ARSI B S A . BT A AR e R IE A BB E BRSO R: 1) K
TIX oM, Mg AP O DA AR 5N B oy RS ok, MR T 1 2R NI RE: 2) KT
FEXT A 68 (1) Joy 8 S5 43 98 2 N FH BB PR 1) 43 98 b ok, R WIWLES 7 I FE Im PR B 7 Tl 2o — @ PR A



http://creativecommons.org/licenses/by/4.0/

K %

2. BEEEE
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Figure 1. Human visual perception is relative
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Figure 2. Function of the relative transformation on noisy data
where (a) is the original space and (b) is the relative space
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Table 1. Average classification errors for osteosarcoma data

=1 BEABRESE LEEEANTH S EKERE

Kt KNN HKNN LMC LPC RLMC

H AR 2.54 £0.025 52.72+0.13 47.27£0.012 47.15+0.05 0.36 +£0.49
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