Computer Science and Application HEPIEF5MH, 2022, 12(10), 2357-2361 Hans )0
Published Online October 2022 in Hans. http://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2022.1210241

BT R E R B 4D 35 A0 R AR 5

AP R AE B TR AR, Wb AT

Weks H i 20224F9 H22H; FHHB: 20224F10A19H; KA H#: 20224¢10H27H

G2

M RAHR TR S A A2 TR OBt RTOFE SERRHRBN IR, AR R R AR AL . 415X
R, AXPINEETHRELISTERELINNR, Rl TETREER B RS KRR T
B, ZAEEUR FIVRIE 5 3 R TR AR BORTE S BRI AR, FIURBEHERR B B0 28X Hh R BdE 4T 4R AIE
REG W5 R RREREAT 70 BB RERBER R BT A . FESEFR TX HISEI S5 RRY], ZRA
AR TEREARKEERIMBN, EHEER,

KR
WRAMRG, ARGE, WEES, RRERE

Deep Stacked Auto-Encoder for Seismic
Facies Classification

Yunhe Zhao, Liangxun Shuo, Bianfang Chai, Zenghao Li

School of Information Engineering, Hebei GEO University, Shijiazhuang Hebei

Received: Sep. 22", 2022; accepted: Oct. 19", 2022; published: Oct. 27™, 2022

Abstract

Seismic facies play a key role in depicting subsurface geology horizons and predicting. However,
large amounts of annotated seismic data are often unavailable. To overcome these challenges, we
proposed a deep stacked auto-encoder network for seismic facies classification, which draws on the
advantages of deep learning and unsupervised learning. Deep stacked auto-encoder performs better
to exact deep features from seismic data. Then we cluster exacted features to classify seismic facies
without the labels for unsupervised learning. The proposed model has been tested successfully on
real seismic data fields, which indicates that the model is more effective than clustering directly.
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Figure 1. Deep stacked auto-encoder
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Figure 2. Ten different seismic facies
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Table 1. Resulting data of experiment
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