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Abstract

It will become a trend that within the absence of large data age, enterprise marketing selling will
no longer be limited to the traditional marketing concepts and methods, while relying on modern
information means to achieve precision marketing. The paper mainly researches on the purchase
data based on a brand mobile phone, targets on the user’s personal information and behavior
preference, using Hamming distance classification algorithm and BP Neural network to classify
the users to achieve the goal of precision marketing.
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Figure 1. Hamming distance Coding Rules
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Figure 2. Classification rules
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Figure 3. Sketch of BP Neural network
[ 3. BP #HZ MK REE

LUK DB 1 A AR AR R R, FERE SEBUR L 2 S i AR v R B B 5 il
TRIES2 ST bR, DRI SCAE R BRI TE R A BP A28 X 28 BEAT AR AR 22

5. EHEW

BEOXSPITA BO R P BEAR LS DU L MRS HEE B 2 F -

1) AEBIPLRET G HEAT fhREAE)

2) AR AU vt 0 7 i AT 25 KA £ BLR ™ T 5 15 43

3) AL AR S
4) TR ST A SO
5) M aafE.

SE

0=

AR A 257 15 AN 3] 76 B S

1] R TR Y SRS AD]: (LSAe ], b s8R, 2017.
2] XN, TN, BEHE. B TEEREZEAN S AR RPN ES I AR TIEAR, 2017(4): 287-288
31 ke, EERME, BhUE. BT BB SCAMEBUETIED]. HENLTRES R A, 2001(19): 21-22.

W
—
\

HHEZ. KB 55 m AR 12 38 B 7T [D]: [ 208 ). BT YLI5 k2%, 2013,
6] g BT BP & MBI NGRS TG AT 7 [D]: [ 2A0ie30]. KRJE: RIRFE TR, 2017,
71 Az=. BP ML) Matlab SZEU[J]. R 2£F223R, 2010, 31(5): 86-88, 111.

[
[
[
(4] ZEBTR. MEAA LB S S R AR IDORN 73 SR U T [D]: (R4 22008 5], /R MR /RIS TAE R, 2012.
[
[
[

DOI: 10.12677/csa.2018.89152

1406

FFRHLR 5


https://doi.org/10.12677/csa.2018.89152

Hans Xh
PR R R

1. FTJF5AM T http:/kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD
NHiFIRHESSE: [ISSN], FAMITI ISSN: 2161-8801, RIA[E i)
2. FTHFHIM B T http:/cnki.net/
Ao« BRSCHEREE” BEN, BIANSCEbRE, BRI

hEE S http://www.hanspub.org/Submission.aspx

HATIMEFE: csa@hanspub.org



http://kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD
http://cnki.net/
http://www.hanspub.org/Submission.aspx
mailto:csa@hanspub.org

	Precision Marketing Based on Hamming Distance Classification Algorithm
	Abstract
	Keywords
	基于汉明距离分类算法的精准营销
	摘  要
	关键词
	1. 引言
	2. 数据预处理
	3. 数据分析与建模
	3.1. 数据编码
	3.2. 汉明距离分类算法(HMCL Algorithm)
	3.3. BP神经网络的应用

	4. 模型结果及结论
	5. 营销建议
	参考文献

