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Abstract

The arrival of the big data era has brought about innovations in data forms and structures, and has
also created favorable development opportunities for statistics professionals based on data col-
lection, organization, and analysis. However, with the rapid development of Internet technology,
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emerging majors such as artificial intelligence, financial technology and big data analysis are also
emerging, which also has a certain impact on the training of traditional statistics professionals and
market demand. This article analyzes enterprise online recruitment texts through data mining
methods, clarifies the characteristics of professional talent demand in statistics, and provides a
basis for student job seeking and university teaching. The research is divided into two stages: Data
collection and preprocessing, and in-depth exploration of recruitment information. The results
show that the ability requirements of companies for job applicants can be divided into three cate-
gories: data analysis, collaborative communication, and production management; job types are
divided into business and technical categories.
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Figure 1. The proportion of word frequency in company name (left) and company location (right)
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Figure 2. Work experience (left) and educational background (right) word frequency
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Figure 3. Position name word cloud chart (left) and position salary bar chart (right)
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Figure 4. Consistency score for different themes
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Figure 5. Visualization of topic distance for 3 themes
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