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Abstract

In recent years, more and more developers have been using Web services for application devel-
opment. However, it can be challenging for developers to choose the right Web services. They may
not be familiar with various services and find it difficult to accurately describe their features.
Therefore, we propose a Service Recommendation method based on Transformer (SRT). Firstly,
we employ Transformer to extract textual features from the development requirements that pro-
vided by developers. Then, we utilize deep neural networks to further explore the potential rela-
tionship between applications and services, enabling service recommendations. Extensive expe-
riments conducted on a real dataset collected from ProgrammableWeb demonstrate the effec-
tiveness of our proposed method.
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Figure 1. The example of an application
E 1. MAEFRGIE

HH, PRGN Web R 55 AR FA OGRS, SRR R e TR BIARSC R AR R e XL
(IR 3 5 7E T, Web R4S 12 R AR FE S KR ik Web IR SS, Tt AT kG HEE % . IR, Web R4S 1%
A WTHE KT T Web IR 55 HEREH R T — RSBk

HERE, Web RS HEF AR LU A 7L

1) %, TPREBMANIT KT KRR T EIT RN, SR, F P A4 N8 R B bR ik
PO G AR TEARRGHE I RIB TR SR EA RIS, BUONIF RN GIIFA R Web IR ST OURI & 5. L,
ARSI IR 5 A BEBOR SR AT BEAE AR BUT A 75 SR RHIE 2 B I ) 58—

2) IR Web 55 2 A7 AEH KR Web fik 55 A0 0 S22 5, dn el R R B (58 B D S %
RAZHIRAFIT RN P AR 55 2 AR SR IR 5% 2 AL 388 B FD 28 — A il Lo

DOI: 10.12677/csa.2024.147161 36 RS2 5 5


https://doi.org/10.12677/csa.2024.147161
http://creativecommons.org/licenses/by/4.0/

IR 5%

NT R EFA I, AR T — R Transformer (IR S5 4E3E 57(SRT), #%6, FAi1fd A
Transformer KX 53 B2 H BUIF R T REEAT SCARFILIR L, FE 0 $23 0T 538 T R BS &8 XE R, #3555
FRATIE PR LA e R 28 SRt — 2D ¥4 N A IR 55 BT AE DR &R, b ITTHEAT AR S5 HE 47

2. XI1E

R S5 HERE R TR ARYE F P SR AR A, VR PR R B IE RS . R R WEt R, CEAWERT
JIR 55 HERE ) TAE[1]-[5].

21. BETARHRSHEEFSZ

BT WA MRS — P WL HERE %, BiEd i RS A g v, A PR SRR
RIS . TR TR, R EMICaRE T2 R T WENRSHEERIEL. — e W7 2208
FHORBEAR UUIC o X P75 Je ot IR 55 (AR SCAR AT AL 2], 4R IBOCH A BRF R TRl . 2805, B LB
TR G RS OB AT UL D, W P HERE 5 R SR IL AR FE B R iR %% . 940, Zhong %5 A[6]%: T HH
—H 2 1 Web API ZH i 21 B R 5 B Dl e A k2 88 Web API [ WL T SE D e 1248k = 22
I A3 HT A B N AR T I Dh e I8 RS FH AR 7 API FRIZH RREE R« Hao 45 A [7 138 i 42 40 B rE 7% 20 B FH A%
JF IR I AME S Bk AR Web API Dhfg. S8J5, $Eth 1 — Pl Sk i i) =44 IR 55 4138 (TRSD) J7 vk 45
By Web API HEZERIF£5) APP HF K .

22. BT HEMBRSHEFSZE

A 28 10 2 1) R 55 7 T 125008 W R R BE 2 ST B SRAZAR L P AT MR S5 R AR 2 TR A B2 R AR
SR AOHERE . 40, Yan 25 A[8]FIFH LightGCN I bMER: 5% 778 AN 4 A O 3R XG4 15 BT
W5 HER . Wei S5 N[9MR T —FhiS [RERFIAR 55 HERE ik AR, R TR 5= th R I fh
JivEe BRI, AT R = S O AR AT SR8 . Mezni 55 A [10]48 H T —Fit ) A R 5 HE 42 05, 1%
J3VER R TR R e P S5 RS 128 AT @A Liu S8 N[L1R T — MR IR 5447 71, 12070
B LM HERE IR 55 1A) IR 2 SR i L, T et 0 ) 2% 1) iR 55 A T VR I I TR B 22 I BOR I, e
AP HAZ IR P MR S5 2 M AR SC &, SEBAMEA . RSHEROHERS, Dy SR AL 47 A HER 1A 56

3. &F Transformer BIBRFZHEFE T E(SRT)

-------------------------------------------------------------------------------------------------------

T ! . Top-KARSS

P> Add & Nom

Posotom —w ise i ii e ] :i
FeedFomward | | || 1’ i

=t i L DN N 4EE
Q—F =l

FiEEE

SelfA ttention

FRAR  ARBR | M ultiH cad

_________________________

Figure 2. The framework of SRT
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Table 1. Dataset statistics (after preprocessing)
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Figure 3. Comparison results of different methods
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